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How useful are meteorological indicators to assess agricultural drought across Europe? & s
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Meteorological drought indicators % = formation onthe start and duration of
Standardized Precipitation Index (SPI) ] the growing season.
Standardized Precipitation Evaporation Index (SPEI) s s - s
Monthly data based on E-OBS gridded rainfall and 5 -l ey . |
temperature
v " Example:
i VS, maize yie
Remotely sensed vegetation stress y Germany
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