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Problem Materials & Methods

= Pedotransfer functions (PTFs) are commonly used for providing the Sampling:

soll hydraulic parameters needed in soll water transport models. ~450 forest soil profiles throughout Baden-Wiirttemberg/Germany
= PTFs are mostly derived on the basis of lab measurements of the 1054 soil samples for PTF calibration/validation

PTF predictors (e.g., texture or bulk density), but their application 516 soil samples for independent PTF testing

very often relies on less precise data.

Soll hydraulic functions:
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Proxy variables for retention/conductivity:
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Soil hydraulic functions:

How are the PTFs’ prediction accuracy and Monte Carlo Analyses:
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How propagate these errors and uncertainties into
modelled soil water balances? Error propagation

Results: PTFs’ Prediction Accuracy & Uncertainty

Accuracy & uncertainty of PTF predictors Accuracy & uncertainty of PTF predictions
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Results: Effects on Soil Water Modelling

Case 1: Impact of aggregated predictor estimates Case 2: Impact of erroneous predictor estimates
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